
Economic Research Southern Africa (ERSA) is a research programme funded by the National 

Treasury of South Africa.  
The views expressed are those of the author(s) and do not necessarily represent those of the funder, ERSA or the author’s affiliated 

institution(s). ERSA shall not be liable to any person for inaccurate information or opinions contained herein. 

 

 

 
 

 

 

 

 

The impact of health on the employment 

and earnings of young South Africans 

 

 

 

 

 

Chijioke O. Nwosu  
 

 

 

 

 

ERSA working paper 601 
 

 

 

 

 

April 2016 



The impact of health on the employment and
earnings of young South Africans¤

Chijioke O. Nwosuyz

April 22, 2016

Abstract

This paper estimates the impact of health on employment and earn-
ings among individuals aged 15-39 years in South Africa. Though one
of the richest countries in Africa, South Africa is plagued by substantial
disease burden especially from communicable diseases, injuries, maternal
and child mortality, and non-communicable diseases. The country also
has very high unemployment rates, with the unemployment rate among
those aged 15-24 years exceeding 50% in 2014 (according to the Interna-
tional Labour Organization de…nition). The National Income Dynamics
Study, a nationally representative panel survey of South African indi-
viduals and households, is used for the analysis. Using the second and
third data waves (collected in 2010 and 2012 respectively) and control-
ling for genetic unobserved heterogeneity using sibling …xed e¤ects, I …nd
robust negative and statistically signi…cant impact of adverse health sta-
tus on employment and wages. These …ndings indicate that ill health is
an added hindrance to young South Africans’ employment and earnings,
and is therefore likely to worsen poverty. Health policy can be a tool for
improving the employment and earnings of young South Africans.
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1 INTRODUCTION

Active labour market participation and high productivity result in economic
growth, and health is an arguably important determinant of these labour market
outcomes. Better health likely results in increased productivity, thus increasing
labour market earnings and the opportunity cost of non-participation in market
activities (Cai & Kalb, 2006). Moreover, ill health can a¤ect the manner in
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which economic agents value time away from work, thereby changing the rela-
tive utility between income and non-market time (Chirikos, 1993). For instance,
poor health can result in the sick placing more value on non-market time rel-
ative to the healthy (due to say, such time being used in seeking health care).
Additionally, poor health may indirectly a¤ect labour market participation and
earnings through reduced investment in human capital accumulation (Jack &
Lewis, 2009). These channels suggest a negative impact of poor health on labour
market participation and earnings. Conversely, low earnings due to poor health
may induce an income e¤ect, leading to a higher supply of labour/increased
employment probability. This e¤ect may be reinforced by the cost implications
of ill health especially in the absence of universal health coverage, suggesting
a negative relationship between better health and employment (Cai & Kalb,
2006).

Unobserved heterogeneity, such as ability (partly comprising a genetic com-
ponent), may independently a¤ect employment probability and wages. Failure
to account for such unobserved heterogeneity may bias the coe¢cient of health
in a(n) employment/wage regression.

This study estimates the impact of health on employment and wages among
South Africans aged 15-39 years, and as such makes a number of contributions
to the existing empirical literature. First, it estimates the impact of a composite
health measure on both employment and wages in South Africa. Prior studies
that estimated the employment e¤ect of health in South Africa either used a
single health indicator, i.e. HIV/AIDS (Levinsohn et al., 2013); or an indirect
measure of HIV/AIDS-related health such as distance to an antiretroviral (ARV)
clinic and the proportion of the population receiving ARV treatment in one’s
neighbourhood (McLaren, 2010). Though understanding the impact of a speci…c
health condition on labour market outcomes is useful, it does not provide an
assessment of the labour market e¤ect of overall disease burden. Indeed, recent
evidence from the South African Strategic Plan for the Prevention and Control
of Non-communicable Diseases 2013-2017 indicates substantial morbidity from
conditions other than HIV/AIDS, like non-communicable diseases (NCDs), ma-
ternal conditions and injuries. Thus, a composite health measure may provide
a good approximation of the overall impact of illness on the labour market.
Self-assessed health (SAH) has been shown to be a good composite proxy for
health status (Jylhä, 2009). Furthermore, the use of SAH allows this study to
di¤erentiate between di¤erent levels of illness severity, unlike the above studies.

Second, most studies that analysed the impact of health on (un)employment
in South Africa understandably restricted their analysis to Africans1 given their
use of HIV/AIDS-related health measures and the very high prevalence of the
pandemic among Africans (Levinsohn et al., 2013; McLaren, 2010). This study
focuses on all racial groups in South Africa. Third, this study accounts for
unobserved heterogeneity using sibling …xed e¤ects (FE). Levinsohn et al (2013)
could not explicitly account for such due to data constraints.

1South Africa consists of four major racial groups: Africans (mainly indigenous blacks),
coloureds (mainly of mixed ancestry), Indians and whites.
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Unlike McLaren (2010), I do not exclude very young labour market par-
ticipants from the analysis. Given that employment and earnings may di¤er
between older respondents and their younger counterparts, especially in South
Africa where the unemployment rate among 15-24 year olds is approximately
double that of the general labour force (World Bank, 2015), it is important to
include these younger workers in the analysis in order to get a more complete
picture of the relationship. Unlike Levinsohn et al., I disaggregated the analysis
between these younger adults and their older counterparts so as to ascertain if
there are systematic di¤erences between them. Finally, this study also analyses
the impact of health on wages, evidence that is lacking in the South African
literature.

I show that being in fair/poor health reduces employment probability by
29 percentage points relative to being in excellent health. Moreover, though
the e¤ect of being in fair/poor health (relative to excellent health) exceeds that
of having at least twelve years of schooling, further analysis shows that this is
driven by 15-25 year olds. Furthermore, the male employment premium seems
to exist for individuals aged more than 25 years. Finally, being in fair/poor
health exerts a negative impact on real monthly wages compared to being in
excellent health.

The rest of the paper is organized as follows. I provide a brief background
and subsequently review relevant empirical literature. Next, I discuss the data,
main variables and models, present the results, discuss the …ndings, note the
study’s limitations and conclude.

1.1 Brief background

Though one of the richest countries in Africa and one of few African countries
categorized as upper middle income by the World Bank, South Africa has a high
disease burden. According to South Africa’s Strategic Plan for the Prevention
and Control of Non-communicable Diseases 2013-17, the country su¤ers from
a quadruple burden of disease from HIV/AIDS and tuberculosis; maternal and
child mortality; injuries; and NCDs. NCDs have been identi…ed as a major
source of the country’s high disease burden, contributing about 40% of disability-
adjusted life years in 2012 according to the World Health Organization2 . In
particular, physical inactivity among the youth is a major public health concern
(Reddy et al., 2010). Thus, though the country has a signi…cant HIV/AIDS
crisis, other health problems signi…cantly contribute to the disease burden.

South Africa also has very high unemployment rates, and youth unemploy-
ment is acute. While the strict unemployment rate (i.e. excluding unemployed
non-job seekers) just before 1994 was approximately 13%, it increased to about
16% in 1995 and 26.7% in 2005 (Banerjee et al., 2008). It was 24% in 2008
(Ranchhod, 2009), and currently remains in that neighbourhood3. Youth unem-
ployment is even more acute. The strict unemployment rate among those aged

2http://apps.who.int/gho/data/node.main.DALYCTRY?lang=en
3The decline in the unemployment rate from the mid-2000s has been attributed to the

increase in the number of the discouraged unemployed.
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15-24 years was 52.6% in 2014 (World Bank, 2015). Understanding whether
health adversely a¤ects the employment and earnings of young South Africans
is important especially given high unemployment rates among this group and the
fact that the high levels of inequality in South Africa are associated with high
unemployment and wage di¤erentials (Leibbrandt, Finn & Woolard, 2012)4 .

1.2 Empirical literature review

Though there is paucity of empirical evidence on the impact of health/nutrients
on employment and earnings/productivity in South Africa, a number of studies
exist in developing countries in general and Africa in particular. For instance,
earlier work in Indonesia found that iron supplementation of iron-de…cient men
increased output by about 20% (Basta, Karyadi & Scrimshaw, 1979).

A number of studies have investigated the impact of HIV on the labour
market in Africa. Fox et al (2004) found that Kenyan tea plantation workers who
later died of AIDS had a 15% income reduction relative to other workers. Also,
treating HIV+ patients with ARV was associated with increased productivity
and labour force participation in Kenya (Thirumurthy, Zivin & Goldstein, 2008).
Habyarimana et al (2005) uncovered a …ve-fold increase in absenteeism for HIV+
mine workers who developed AIDS in Botswana.

Other developing country studies have investigated the e¤ect of a wide va-
riety of health indicators on wages. For instance, a review of health-wage stud-
ies in Latin America found that most studies generally reported positive and
statistically signi…cant e¤ects of health on wages (Savedo¤ & Schultz, 2000).
The main identi…cation strategy used by these studies involved instrumenting
health with community-level price proxies like access to potable water, dis-
tance to health facilities and the quality of household infrastructure (Ribero
& Nuñez, 2001; Murrugarra & Valdivia, 1999; Cortez, 1999; Parker & Knaul,
1999). A similar identi…cation strategy was used by Strauss (1986), who instru-
mented calorie intake with community-level nutrient prices. The study found
that calorie intake increased agricultural productivity in Sierra Leone. Similar
studies in Ghana and Brazil also found a positive impact of health (measured
by height) on labour market earnings (Schultz, 2002). However, given that
the above-mentioned instruments depend on possibly endogenous residency de-
cisions (ability may jointly determine both wages/productivity and residency),
using residency-related variables as instruments in a wage regression raises ques-
tions about the validity of the instruments.

The studies, which are closest in spirit to this paper, that have analyzed the
impact of health on (un)employment in South Africa are Levinsohn et al (2013)
and McLaren (2010) Levinsohn et al (2013) found that being HIV+ was asso-
ciated with a 6-7 percentage point increase in the probability of unemployment
in the African population. The e¤ect was a 10-11 percentage point increase
for Africans with less than 12 years of education. They used models based on

4South Africa has one of the highest levels of inequality globally, with a Gini coe¢cient
which increased from 0.66 in 1993 to 0.70 in 2008 .(Leibbrandt, Finn & Woolard, 2012).
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estimating propensity scores, and could therefore not control for unobserved
heterogeneity. McLaren.(2010) estimated the impact of distance to an ARV
clinic, and the proportion of one’s neighbourhood treated with ARVs, on em-
ployment. The study found that among African men, living 3-15 miles from
an ARV treatment centre increased employment probability by 3.3 percentage
points relative to living 15-75 miles away. However, living 0-3 miles did not
signi…cantly a¤ect employment. A 1 percentage point increase in the fraction
of one’s neighbourhood population receiving ARV increased one’s employment
probability by 0.4 percentage points on the average. Another study using a
computable general equilibrium model found no e¤ect of being HIV-positive on
unemployment in South Africa (Arndt & Lewis, 2001).

From the foregoing, available evidence in South Africa only evaluated the
impact of HIV/AIDS and ARV availability on employment. This study takes a
broader view of illness/disability in line with the current reality of substantial
non-HIV/AIDS morbidity. In addition, it evaluates the impact of health on
earnings.

2 METHODS

2.1 Data

Data came from the National Income Dynamics Study (NIDS). NIDS is a na-
tionally representative panel survey of South African households and individ-
uals. It is conducted biennially and its currently available three waves were
conducted in 2008, 2010 and 2012. Households were sampled via a strati…ed,
two-stage cluster design. In the …rst stage, 400 primary sampling units (PSUs)
were selected from Statistics South Africa’s 2003 master sample comprising 3000
PSUs. These 400 PSUs were sampled within 53 district council strata in a man-
ner where the chosen PSUs were proportional to the allocation of PSUs in the
master sample. Thereafter, households were randomly selected within each se-
lected PSU and individuals in selected households were interviewed. In wave
1, 7296 households comprising 28226 resident panel household members were
sampled. Of these, 26776 individuals were successfully interviewed. In wave 2
(wave 3), 22058 (23262) respondents were successfully interviewed. About 80%
of respondents interviewed in wave 1 were re-interviewed in wave 3. A detailed
description of the survey is available at www.nids.uct.ac.za All the variables
included in this analysis were current (i.e. wave 3) variables except for lagged
(i.e. wave 2) SAH.

2.2 Main Variables

The employment variable is a dummy variable which equals one if the respon-
dent was employed (i.e. engaged in a productive activity, often for money) over
the past four weeks, and zero if she was unemployed. In analysis not reported
here (but available on request), I show that the inclusion of the discouraged
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unemployed (i.e. non-job seekers) did not signi…cantly a¤ect the results. The
variable, realwage, denotes real monthly labour market earnings (i.e. monthly
wage de‡ated by the monthly consumer price index corresponding to the inter-
view month, with August 2012 as the base month). The original SAH measure
in the dataset is a …ve-category health measure, ranging from 1 (i.e. excellent
health) to 5 (i.e. poor health). It was obtained from the question, “How would
you describe your health at present? Would you say it is excellent, very good,
good, fair or poor?”. For this analysis, I collapsed the fair and poor health
categories in the employment regressions given the very small number of the
latter (see Table 1) but the conclusions were similar with the …ve-category spec-
i…cation (results available on request). The excellent health category is the base
category.Though some authors express scepticism regarding the validity of SAH
due to its apparently subjective nature (Kreider, 1999), SAH has been found
to re‡ect the rational thought processes of respondents, even capturing bodily
sensations that are di¢cult to be detected in clinical tests (Jylhä, 2009).

All analyses in this study were restricted to observations where there were
at least two siblings aged 15-39 years in a household with non-missing employ-
ment status (for the employment regressions) or wage information (for the wage
regressions) in wave 3. Care should be taken regarding the wage analysis as the
sample is only 357 observations (see Table 1); thus, the reliability of the sibling
FE wage regression estimates may not be guaranteed.

2.3 Model

It is common to use instrumental variables to identify the impact of an arguably
endogenous variable when such instruments are available. However, there is no
convincing health instrument in the dataset5 . Given that unobserved hetero-
geneity is a major source of health endogeneity in this context (as noted in the
introduction), this study mitigates the problem by controlling for sibling FE.
However, I am unable to account for health measurement error if it exists, due
to data constraints. Signi…cant measurement error in SAH may a¤ect the con-
sistency of my estimates. There is however, some suggestion in the literature
that measurement-related biases likely to plague SAH may cancel out (Bound,
1991).

I assume that an individual enters a given period with existing health stock
and makes her labour market decision conditional on other relevant character-
istics. Therefore, following Fletcher .(2013), I specify the following models of
employment and wage determination:

employmenti,t = α0 +
4X

j=2

αjSAHj,it¡1 + Xi,tγ+ θs + ui,t (1)

5 I tried instrumenting current health with its lag in a sibling FE model. The instrument
was very weak and thus the result was not reported.
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in(realwagei,t) = β0 +
4X

j=2

βjSAHj,it¡1 + Xi,tδ + υ 0
s + vi,t (2)

where SAHj is the jth self-assessed health category, with the “1” category omit-
ted (where 1 denotes excellent health, and 4, fair/poor health); Xi,t is a vector
of covariates (e.g. education, gender and age); θs and υ 0

s are sibling FE while u
and v are idiosyncratic error terms; α,β,γ and δ are parameters; t denotes the
current period, while t-1 denotes a one-period time lag (representing two years).
The use of sibling FE helps account for …xed unobserved genetic determinants
of the outcomes. However, the model is unable to account for time-varying
unobserved heterogeneity if present. For robustness, smoking (likely correlated
with unobserved heterogeneity and labour market outcomes especially among
the youth; see e.g. Heckman et al (2006)) is included in both the employment
and wage models, while union status is included in the wage model. I later test
the FE assumption using a robust Hausman test. Given the very chronic state
of unemployment among very young youth in South Africa, the employment
model is further disaggregated by age group to see if the impact of health di¤ers
between very young youth and their older counterparts.

3 RESULTS

From Table 1, 51.5% of the sample were employed. Average real monthly earning
was R2948 (i.e. $359)6 . In the employment (wage) sample, 49% (57.4%) self-
identi…ed as being in excellent health while only 1% (0%) reported being in poor
health. 39.3% (49%) had at least a matric7. The average age of the respondents
was 26.7 (27.9) years. Asians and Whites constituted a small proportion of
the sample. When they were excluded from the analysis, the results remained
virtually unchanged (results available on request).

Table A1 (see Appendix) reports (naïve) OLS results for the relationship
between lagged SAH and employment. Being in very good and fair/poor health
were associated with statistically signi…cant lower employment probabilities
than being in excellent health. There was no statistically signi…cant associa-
tion between being in good health and being in excellent health across di¤erent
model speci…cations. Table A2 in the Appendix indicates non-trivial associa-
tions between SAH and real wage, though these were not statistically signi…cant.

Table 2 depicts the impact of health on employment and real wages control-
ling for genetic unobserved heterogeneity.

Table 2 indicates that being in fair/poor health resulted in a statistically
signi…cant 29 percentage point decline in employment probability relative to
excellent health. Being in very good and good health respectively resulted in 6
and 9 percentage point decline in employment probability relative to excellent
health. These were however not statistically signi…cant at conventional levels.

6USD1=R8.21 in 2012 (http://data.worldbank.org/indicator/PA.NUS.FCRF).
7 ‘Matric ’ is a term which equates to twelve years of formal education in South Africa.
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Reporting fair health8 resulted in a 61% decline in real monthly wages relative
to being in excellent health. Both the very good and good health categories
resulted in a 12% decline, though they were not statistically signi…cant as in the
case of employment.

4 DISCUSSION

The above results indicate that health has a non-trivial e¤ect on employment
and wages among young South Africans. Though this study design and health
measure di¤er from other South African studies (as is evident from the litera-
ture review), the results conform to these previous studies in terms of coe¢cient
sign. The di¤erence in coe¢cient magnitude between my estimates and Levin-
sohn et al (2013) (where the latter found a 6-7 percentage point impact of HIV
on unemployment probability) may stem from a number of reasons. First, my
estimates relate to the impact of SAH, a composite health measure, while Levin-
sohn et al. estimated the impact of HIV/AIDS on unemployment. Di¤erences
in e¤ect size between a single health indicator and a composite measure have
been noted in the literature (Currie & Madrian, 1999). It may also result from
my ability to distinguish between mild and severe ill health, something Levin-
sohn et al. could not do due to the nature of their health measure. Similarly,
the di¤erence between my estimates and McLaren .(2010)9 may stem from the
fact that distance to an ARV clinic and the proportion of one’s neighbourhood
population treated with ARV (McLaren’s health indicators) do not necessarily
translate into better health even for HIV-positive patients. For instance, stigma
(a signi…cant problem in South Africa; see e.g. Maughan-Brown .(2010)) may
hamper ARV utilization even for those living close to an ARV clinic10. In ad-
dition, McLaren’s health variables are mainly indicative of HIV/AIDS-related
health, and do not necessarily represent overall health status.

The e¤ect of fair/poor health (relative to excellent health) exceeds that of
having at least twelve years of schooling (relative to less) for both employ-
ment probability and wages in this study. While fair/poor health resulted in a
29 percentage point decline in employment probability, having at least twelve
years of schooling only resulted in a 14 percentage point increase. For wages,
it was 61.4% and 31.9% respectively. I also tested the assumed FE assump-
tion for both the employment and wage regressions using the robust Hausman
tests (Wooldridge, 2002). The random e¤ects model was rejected in both cases
(Sargan-Hansen p values were 0.00 and 0.01 for the employment and wage equa-
tions respectively).

8There was no respondent in the poor health category in the wage sample.
9Recall that McLaren found that living 3-15 miles from an ARV treatment centre increased

employment probability by 3.3 percentage points relative to living 15-75 miles. Also, a 1
percentage point increase in the fraction of one’s neighbourhood population receiving ARV
increased one’s employment probability by 0.4 percentage points.

10Though our samples are not identical, it is doubtful that these di¤erences are entirely due
to compositional di¤erences.
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To test the robustness of the estimates, I included union status (possibly
an independent predictor of wages, which may not be correlated with health)
and smoking, which may co-occur with illness (Fletcher, 2013) (see Table 3; the
…rst column is the employment regression while the last two columns are wage
regressions). Table 3 indicates that the results were robust to the inclusion of
these variables.

Given the very high youth unemployment rate in South Africa, it is plau-
sible that the labour market outcomes of very young adults di¤er from those
of their older colleagues. Disaggregating the analysis by age group may help
us understand whether the impact of health on employment di¤ers across these
groups. If for instance, very young adults are more likely to be employed in
manual occupations for which say, physical …tness is especially important, the
penalty for very poor (physical) health may be substantially higher than among
their older counterparts.

Table 4 depicts FE models disaggregated by age group11. “Young youth”
and “old youth” respectively refer to individuals aged 15-25 years and 26-39
years. The cuto¤ of 25 was informed by data considerations so as to have
su¢cient observations in both groups to permit reliable analysis.

Fair/poor health resulted in a statistically signi…cant 29 percentage point
decline in employment probability relative to excellent health in the young youth
sample. It was 22 percentage points in the old youth sample, though the latter
e¤ect was not statistically signi…cant. The impact of fair/poor health (relative
to excellent health) dominated that of having at least a matric (relative to less
education) only among the young youth. A plausible explanation for these age-
based di¤erences is that adolescents and very young adults may be more likely
to seek (and be o¤ered) employment in largely low-tier jobs where physical
…tness may play a larger role than education in employment mainly due to
their perceived inexperience. This explanation is more plausible if SAH mainly
re‡ects physical health. Therefore, young youth possibly su¤ering from severe
health conditions (hence reporting fair/poor health) may be more likely to su¤er
a huge employment penalty12 .

Table 4 also suggests that the employment premium in favour of males in
South Africa hardly emerges till after 25 years. To my best knowledge, this
is a novel …nding given that though there is some evidence about a positive
male employment premium in South Africa (Kingdon & Knight, 2007; Kingdon
& Knight, 2004), I am unaware of any evidence regarding when this premium
is likely to arise. This result remained robust to using 24 years as the cuto¤
(available on request).

4.1 Limitations and future research

Apart from the inability to control for time-varying unobserved heterogeneity,
the small sibling wage sample is a limitation of this study. Thus, I could not

11 I could not conduct a similar analysis for wages given the small sample size.
12Descriptive evidence from the data shows that the proportion of the young youth employed

in elementary occupations was slightly higher than that of the old youth (40% vs 35%).
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conduct as detailed an analysis as is the case with employment. Furthermore,
controlling for genetic/family FE through both parents represents a cleaner
form of identi…cation compared to using only mothers as in this study given
that some respondents may be half siblings. Data constraints with regard to
linking biological fathers to their children made such an analysis infeasible. Also,
incorporating the informal sector may further enrich the analysis given possible
di¤erences between the formal and informal sectors. Unfortunately, there was no
variable in the dataset for such a distinction. But this may not be a signi…cant
shortcoming as the informal sector in South Africa is not very large, unlike many
African countries (Kingdon & Knight, 2007). It will also be interesting to know
what explain(s) both the non-existence of an employment gender gap among the
young youth and its emergence among the older youth in South Africa. Lack
of data (e.g. employer gender perceptions across age groups) did not permit
further analysis in this regard. Finally, having found the impact of being in
fair/poor health on employment and wages relative to being in excellent health,
a logical follow-up will entail ascertaining what fair/poor health actually means
in terms of illness severity and the amount of resources necessary to improve
such a health status to excellent health on the average. Unfortunately, these
are issues that cannot be addressed with the available data but form an agenda
for future research.

5 CONCLUSION

To the extent that genetic unobserved heterogeneity is a signi…cant cause of
health endogeneity in an employment/earnings model, this study has made im-
portant …ndings in the absence of a convincing instrument. First, being in
fair/poor health signi…cantly reduces the probability of employment relative to
being in excellent health. While being in very good and good health decrease
employment probability (compared to excellent health), the di¤erences are not
statistically signi…cant. The adverse employment e¤ect of being in fair/poor
health relative to being in excellent health exceeds that of having at least twelve
years of schooling (compared to having less education). Further analysis indi-
cates that the dominance of severe ill health over having at least 12 years of
schooling is mainly driven by youth aged 15-25 years. In addition, the male
employment premium only exists among those aged more than 25 years.

While being in worse health results in lower real wages relative to being in
excellent health, only respondents in fair health earn signi…cantly less than their
excellent health counterparts statistically. Also, the wage penalty for being in
fair health relative to excellent health exceeds the gain accruing to having at
least twelve years of schooling (relative to having less education).

By focusing on a composite health measure, this study not only obtains
estimates of the impact of overall health on employment and wages, but dis-
tinguishes between the impact of moderate and severe ill health among young
South Africans. Improving the health of the youth, especially the severely ill,
has the potential to boost employment and wages among young South Africans.
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In addition to understanding how to use health policy to improve employment
and wage outcomes, further research should focus on understanding the factors
responsible for the emergence of a male employment premium in South Africa.
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Table 1: reports the descriptive statistics 

 
 Employment regression sample Wage regression sample 

Variables N Mean Std. Dev N Mean Std. Dev 

employment dummy 1,070 0.515 0.500    

lagged self-assessed health (total) 1,070   357   

excellent 524 0.490 0.500 205 0.574 0.495 

very good 339 0.317 0.465 97 0.272 0.445 

good 165 0.154 0.361 45 0.126 0.332 

fair 32 0.030 0.170 10 0.028 0.165 

poor 10 0.009 0.096 0 - - 

       

matric (=1 if  school years ≥ 12) 1,070 0.393 0.489 357 0.490 0.501 

male 1,070 0.499 0.5 357 0.535 0.499 

age 1,070 26.72 5.297 357 27.913 5.197 

smoking dummy 1,070 0.194 0.396 357 0.241 0.428 

household grant receipt dummy (grant) 1,070 0.685 0.465    

race (total) 1,070   357   

african 892 0.834 0.373 268 0.751 0.433 

coloured 159 0.149 0.356 82 0.230 0.421 

asian 13 0.012 0.110 4 0.011 0.105 

white 6 0.006 0.075 3 0.008 0.091 

       

provincial unemployment rate 1,070 25.02 3.644 357 25.072 3.553 

location (total) 1,070   357   

rural formal 93 0.087 0.282 42 0.118 0.323 

traditional authority 442 0.413 0.493 103 0.289 0.454 

urban formal 432 0.404 0.491 171 0.479 0.500 

urban informal 103 0.096 0.295 41 0.115 0.319 

       

at least one under-14 child in household 1,070 0.723 0.448    

mother has any education? 1,015 0.707 0.455 342 0.693 0.462 

household size 1,070 6.751 4.205    

real monthly wage    357 2948.475 3465.385 

ln(real monthly wage)    357 7.614 0.913 

union    357 0.151 0.359 

Author’s calculations; employment and wage samples restricted to 15-39-year-old siblings from households 

with at least two siblings who have employment status and wage data respectively in wave 3. 
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Table 2: Impact of health on employment and real wages 

 

 (1) (2) 

 Employment regression Real wage regression 

lagged very good health -0.060 -0.120 

 (0.052) (0.121) 

lagged good health -0.090 -0.116 

 (0.065) (0.176) 

lagged fair/poor health -0.294*** -0.614* 

 (0.088) (0.330) 

matric (=1 if  school years ≥ 12) 0.141*** 0.319*** 

 (0.040) (0.100) 

male 0.071** 0.078 

 (0.035) (0.103) 

age 0.032*** 0.025** 

 (0.004) (0.011) 

constant -0.389*** 6.786*** 

 (0.110) (0.356) 

N 1,070 357 

Number of mothers 463 163 

R
2
_adjusted 0.115 0.0510 

R
2
_within 0.120 0.0670 

F 15.57 2.812 
Robust standard errors clustered on mother in parentheses; *** p<0.01, ** p<0.05, * p<0.1 
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Table 3: Impact of health on employment and real wage controlling for smoking and 

union membership 

 

 (1) (2) (3) 

 Employment regression Wage regressions 

lagged very good health -0.060 -0.113 -0.095 

 (0.053) (0.121) (0.118) 

lagged good health -0.090 -0.110 -0.021 

 (0.065) (0.172) (0.195) 

lagged fair/poor health -0.294*** -0.622* -0.616** 

 (0.088) (0.331) (0.307) 

matric (=1 if  school years ≥ 12) 0.140*** 0.319*** 0.267*** 

 (0.040) (0.100) (0.095) 

male 0.073* 0.099 0.085 

 (0.037) (0.102) (0.101) 

age 0.032*** 0.025** 0.018* 

 (0.004) (0.011) (0.010) 

smokes -0.007 -0.070 -0.116 

 (0.051) (0.127) (0.122) 

union membership   0.559*** 

   (0.138) 

constant -0.390*** 6.781*** 6.931*** 

 (0.110) (0.354) (0.348) 

N 1,070 357 357 

number of mothers 463 163 163 

R
2
_adjusted 0.114 0.0495 0.113 

R
2
_within 0.120 0.0682 0.133 

F 13.34 2.477 5.232 
Robust standard errors clustered on mother in parentheses; *** p<0.01, ** p<0.05, * p<0.1. 
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Table 4: Impact of health on employment disaggregated by age 

 

 (1) (2) 

 Old youth Young youth 

lagged very good health -0.035 0.070 

 (0.087) (0.106) 

lagged good health -0.076 0.057 

 (0.126) (0.099) 

lagged fair/poor health -0.222 -0.287* 

 (0.156) (0.148) 

matric (=1 if  school years ≥ 12) 0.268*** 0.041 

 (0.068) (0.077) 

male 0.214*** 0.026 

 (0.067) (0.065) 

age 0.025*** 0.053*** 

 (0.007) (0.012) 

smokes -0.128 0.001 

 (0.093) (0.085) 

constant -0.310 -0.842*** 

 (0.233) (0.276) 

N 404 311 

F 6.227 3.658 
Robust standard errors clustered on mother in parentheses; *** p<0.01, ** p<0.05, * p<0.1 

 

 
 
 

 
 
 

 
 

 
 
 

 
 

 
 
 

 
 
 

 
 

 
 
 

 

17



Appendix 

 

Table A1: Association between self-assessed health and employment 

 
 (1) (2) (3) (4) (5) 

 individual +household +community +co-occurring +mother 

lagged very good health -0.071** -0.073** -0.075** -0.076** -0.068** 

 (0.033) (0.033) (0.033) (0.033) (0.034) 

lagged good health -0.068 -0.058 -0.063 -0.064 -0.097** 

 (0.043) (0.042) (0.042) (0.042) (0.044) 

lagged fair/poor health -0.180*** -0.164** -0.179*** -0.178*** -0.172** 

 (0.069) (0.067) (0.067) (0.067) (0.071) 

matric (=1 if  school years ≥ 12) 0.172*** 0.161*** 0.160*** 0.162*** 0.157*** 

 (0.030) (0.030) (0.030) (0.030) (0.031) 

male 0.094*** 0.059** 0.071** 0.064** 0.067** 

 (0.029) (0.030) (0.030) (0.032) (0.033) 

age 0.024*** 0.025*** 0.025*** 0.025*** 0.023*** 

 (0.003) (0.003) (0.003) (0.003) (0.003) 

coloured 0.174*** 0.181*** 0.101** 0.094** 0.084* 

 (0.041) (0.041) (0.045) (0.047) (0.047) 

indian 0.043 -0.028 -0.141 -0.141 -0.150 

 (0.146) (0.144) (0.149) (0.149) (0.150) 

white 0.165 0.059 -0.021 -0.017 -0.024 

 (0.212) (0.208) (0.208) (0.207) (0.209) 

household has grant recipient  -0.015 0.001 0.000 -0.019 

  (0.035) (0.035) (0.035) (0.037) 

under-14 child in household  -0.147*** -0.132*** -0.130*** -0.125*** 

  (0.037) (0.036) (0.036) (0.038) 

provincial unemployment rate   -0.008* -0.008** -0.008* 

   (0.004) (0.004) (0.004) 

traditional authority   -0.217*** -0.215*** -0.235*** 

   (0.056) (0.056) (0.056) 

urban formal   -0.059 -0.059 -0.065 

   (0.053) (0.053) (0.053) 

urban informal   -0.197*** -0.198*** -0.202*** 

   (0.068) (0.068) (0.069) 

smokes    0.027 0.028 

    (0.041) (0.041) 

mother has any education?     -0.046 

     (0.034) 

constant -0.241*** -0.109 0.206 0.215 0.312** 

 (0.077) (0.084) (0.145) (0.145) (0.148) 

N 1,070 1,070 1,070 1,070 1,015 

R
2
 0.118 0.135 0.156 0.156 0.158 

F 18.31 18.04 16.22 15.15 14 

Robust standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1 
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Table A2: Association between self-assessed health and real wage 

 

 (1) (2) (3) (4) 

 individual +community +co-occurring +mother 

lagged very good health 0.003 -0.003 0.005 0.009 

 (0.086) (0.087) (0.089) (0.091) 

lagged good health -0.150 -0.180 -0.178 -0.056 

 (0.197) (0.206) (0.205) (0.126) 

lagged fair/poor health -0.331 -0.332 -0.344 -0.334 

 (0.235) (0.219) (0.218) (0.208) 

matric (=1 if  school years ≥ 12) 0.126*** 0.113*** 0.110*** 0.108*** 

 (0.018) (0.017) (0.018) (0.017) 

male 0.262*** 0.278*** 0.304*** 0.249*** 

 (0.082) (0.082) (0.087) (0.078) 

age 0.030*** 0.030*** 0.030*** 0.032*** 

 (0.008) (0.008) (0.008) (0.008) 

coloured 0.242*** 0.093 0.128 0.117 

 (0.080) (0.091) (0.100) (0.106) 

indian 2.256*** 2.109*** 2.126*** 2.125*** 

 (0.408) (0.413) (0.397) (0.400) 

white 1.165*** 1.140*** 1.146*** 1.127*** 

 (0.295) (0.363) (0.372) (0.355) 

union member 0.446*** 0.402*** 0.417*** 0.402*** 

 (0.117) (0.117) (0.115) (0.115) 

provincial unemployment rate  0.021* 0.021* 0.013 

  (0.012) (0.012) (0.011) 

traditional authority  -0.060 -0.067 -0.023 

  (0.151) (0.150) (0.132) 

urban formal  0.237* 0.237* 0.203 

  (0.127) (0.127) (0.127) 

urban informal  0.189 0.197 0.156 

  (0.133) (0.134) (0.138) 

smokes   -0.099 -0.080 

   (0.105) (0.110) 

mother has any education?    0.118 

    (0.084) 

constant 5.133*** 4.697*** 4.717*** 4.816*** 

 (0.335) (0.439) (0.440) (0.443) 

N 357 357 357 342 

R
2
 0.277 0.306 0.308 0.357 

F 16.84 11.32 10.94 11.48 
Robust standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1 
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